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Hierarchical and Partitive
Approaches

 Partitive algorithm
— Determine the number of clusters.
— Initialize the cluster centers.
— Compute partitioning for data.
— Compute (update) cluster centers.

— If the partitioning is unchanged (or the algorithm has
converged), stop; otherwise, return to step 3

« k-means error function
— To minimize error function “

E=3"Y le—al

1 Xy,
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Hierarchical and Partitive Approaches

« Hierarchical clustering algorithm (Dendrogram)
— Initialize: Assign each vector to its own cluster
— Compute distances between all clusters.
— Merge the two clusters that are closest to each other.
— Return to step 2 until ===~ = ~=F- Qo St o
« Partition strategy
— Cut at different level

2 clusters

3 clusters

........................................................................

3 ciupters
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