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Boundary of Excitation
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Dynamics of Boundary
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oscillation and chaos
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Input from outside
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general activation function
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2-dimensional field
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Oscillation Travelling wave
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Learning and Self-Organization

Z z="f(5-X—5y%,)

sy X}

Information source

=S X, 4+ +S X

2014/4/14 S ME 23



generalized Hebbian learning
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averaged learning equation
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Dynamics of Self-Organizing Neurofield
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dynamics of neural excitation
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dynamics of learning
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